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Can Increasing the Number of Police

Reduce the Theft Rate?

A Granger Causality Test Using Taiwan’s Regional
Dynamic Panel Data, 1998-2007

Mon-Chi Lio, Chyi-Lu Jang, Ching-Chih Lu*

Abstract

Whether increasing the number of police can reduce the crime rate is a
topic of much debate in researches and policies. The possible bi-directional
causality between the number of police and the crime rate is also an issue worth
clarifying in public administration. Using the dynamic panel data of regions in
Taiwan between 1998 and 2007, this study employs the method of Granger
causality test to investigate the bi-directional causality between the number of
police and the theft rate. It is found that an increase in the police-population ra-
tio (the ratio of police to population) can permanently Granger-cause a decrease
in the theft rate. An increase in the theft rate can temporary Granger-cause an
increase in the police-population ratio, but this causality is not permanent. Our
results support the policy thinking that increasing the frequency of seeing po-
lice can eiFectively reduce the occurrence oftheft.

Keywords: theft rate, police force, police-population ratio, Granger causality
test, dynamic panel data
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